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Interpretability of entity matching in pre-trained language models

Shen Bian huan

Dalian University of Science and Technology, Liaoning Dalian 116000

Abstract: This paper introduces an interpretable entity matching model trained in the Learning
with Transformers (LT) project of MIT and evaluates model performance on several benchmark
datasets. With the development of artificial intelligence technology, natural language processing
tasks such as machine translation have become increasingly important. In the past few years, many
researchers have used pre-trained Transformer-based language models to generate natural language
texts. While these models have had great success in this regard, they typically perform limited tasks
and lack interpretability of their inference processes. To solve this problem, the researchers
proposed a Transformer-based pre-trained language model entity matching (BEM) model, which
can handle a variety of tasks and can automatically learn the inference process. Based on this result,
the researchers also studied the possible situation and reasons of reasoning in the BEM model, and
proposed an interpretability method.
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