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import pandas as pd

from sklearn. preprocessing import
StandardScaler
import

from sklearn. cluster

AgglomerativeClustering

df = pd.read excel( ../ B
P5. x1sx’) H#HEEHUEE

df. set index ( w5 ,
inplace=True)

scaler = StandardScaler () #E#EHriE
1k

X scaled = scaler. fit transform(df)

clustering =
AgglomerativeClustering ( #HUAT 2K E R
oy

H

n_clusters=7,

cluster labels =

clustering. fit predict (X scaled)

df [’ Cluster’ ] = cluster_labels

print (df. loc[:, Cluster’])
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Tk E N E R . A dendrogram
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AR bR RN FEA B A (BRI B . RS
KIRE s = IR R B — AN P IR RS JF
TV ER B AR A, o

PRI AT

plt. figure (figsize=(12, 8))

7 = linkage (X scaled,
method=1inkage method)
dendrogram (Z, labels=labels,
leaf rotation=90)
plt. title(f’ Cluster Analysis

({linkage method} method)’)
plt. xlabel C FHHS)
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plt.ylabel C JEES) = False

plt. rcParams[’ font. sans—serif’ ] plt. tight layout ()

[’SimHei’ ] # WE " LFAK plt. show()
plt. rcParams[’ axes. unicode minus’ ] R E s R EB AR
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PCA Projection of Hierarchical Clustering Results
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Curriculum Development of Teaching Cases for Applications of Data Mining
Hu Jiaoyue,Hou Jia
Vocational and Technical College, Inner Mongolia Agricultural University, Baotou,
014109, China
Abstract: Addressing the need to cultivate talent in Emerging Engineering and

Agricultural Disciplines, this paper analyzes the specific context of the Data Mining

Applications course and proposes the creation of teaching cases based on agricultural and

pastoral data.A detailed design of such a case, focusing on the hierarchical clustering

algorithm, is provided to inform and inspire ongoing curriculum construction and innovation.

Key words: data mining; teaching cases; teaching reform
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